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* SR (Sequence Representation) grounds action generation in the current observation; USR
(Updated Sequence Representation) is refined at each denoising step, encoding how to MM.DIT Layers

transition toward the subgoal. !
Updated Latent
® Representation

Framework Overview

Without robot-demonstration pretraining: 82.0 on Goal and 56.0 on Long —
above OpenVLA on both suites and 1, on Long.
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